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dose and high dose group were respectively added 10 ul of Banxia Xiexin Decoction at concentration of 0.25 0.5
1. 0 mg/ml pretreated for 12h and 0. 18 pg/ml Liraglutide Injection was added to the liraglutide group for 12h. All
groups of Banxia Xiexin Decoction the liraglutide group and the model group used tert-butanol hydrogen peroxide
( TBHP) to establish cell apoptosis model. MTT method was used to detect the cell apoptosis rate of each group and
Western blot method was used to detect the expression of cellular protein kinase B ( AKT)  phosphorylated protein
kinase B ( p-AKT) forkhead transcription factor 1 ( FOXO1) phosphorylated forkhead transcription factor 1
( pFOXO1) and P27 protein. Results Compared with the blank group the inhibition rate of MIN6 cells in the
model group was significantly increased ( P <0.05) . Compared with the model group the inhibition rates of the lira—
glutide group and the Banxia Xiexin Decoction medium dose and high dose group were all reduced ( P <0. 05) . There
was no significant difference between the intervention groups ( P >0.05) ) . Compared with the blank group the ex-
pression of p-AKT/AKT p40XO01/FOXO1 in the model group was significantly down—regulated and the expression
of P27 was significantly up—regulated ( P <0. 05) . Compared with the model group except pF0XO01/FOXO! in the
Banxia Xiexin Decoction low dose group the expression of p-AKT/AKT p-+0X1/FOX1 in the liraglutide group and
different dose of Banxia Xiexin Decoction groups were significantly up—regulated and the expression of P27 was signifi—
cantly down-regulated ( P <0.05) . Compared with the Banxia Xiexin Decoction high-dose group the expression of
p4OX1/FOX1 in the liraglutide group and the Banxia Xiexin Decoction medium-dose group was significantly up-
regulated ( P <0.05) . Compared with the Banxia Xiexin Decoction low—-dose group the expression of P27 in Banxia
Xiexin Decoction medium-dose and high-dose group and the liraglutide group was significantly down-regulated ( P <
0.05). Conclusion The medium and high dose of Banxia Xiexin Decoction can significantly inhibit the apoptosis
of MING islet B cells to treat type 2 diabetes and it is more effective at high doses. The mechanism may be activating
the PI3K/AKT/FOXOI1 signaling pathway to regulate the expression of related proteins.
Keywords type 2 diabetes; islet B cells; Banxia Xiexin Decoction ( ) ; cell apoptosis; PI3K/AKT/
FOXO1 signaling pathway
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ABSTRACT In order to ensure the correctness of Chinese medicine diagnosis in addition to the accuracy and
objectivity of the single diagnosis information it is more important to integrate the four diagnosis. The research on the
objective collection and analysis system of the four diagnosis information of traditional Chinese medicine has made
breakthroughs laying a foundation for the research on the fusion of objective information of the four diagnosis. However
the classification criteria of different diagnosis equipment are not uniform and the sources of information are different
which restricts the integration of the four diagnosis. In this paper by combing the research on the intellectualization of
four diagnosis of traditional Chinese medicine in recent years including inspection listening and smelling inquir-
ying and pulse diagnosis and combining the current status of the research on intellectualization of the four diagnosis
integration in its initial stage an attempt is made from the perspective of multisource data fusion with the help of
collaborative training method multi-core learning method and subspace-based learning method to improve the inte—
gration and accuracy of the four diagnosis integration and explore the possible path for intelligentization of the four
diagnosis integration.

Keywords four diagnosis integration; traditional Chinese medicine intellectualization; multi-source data fusion;

collaborative training method; multi-core learning method; subspace-based learning method
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